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Abstract
Crowdfunding is a novel and promising method of raising early-seed capital for
entrepreneurs. By leveraging the Internet, crowdfunding opens up a relatively large
number of investors to entrepreneurial ventures. Academic research remains scarce on the
subject, particularly in factors that predict fundraising success. Drawing from
entrepreneurial selection theory and previous crowdfunding research, this paper accounts
for the role of previous founder experience in current crowdfunding video game projects.
Using Probit regression analysis, this paper finds that previous crowdfunding experience
by a founder is the most influential signal in predicting fundraising success—more so
than factors found in previous studies. Furthermore, founders who demonstrate support
for other crowdfunding projects increase their probability of success for their own
project. This finding raises a case that external motivations for investing exist within the
crowdfunding realm. The conclusions in this paper can be of use to crowdfunding
investors and platforms, as well as future academic research.
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INTRODUCTION
At its very least, crowdfunding is a novel form of soliciting outside capital for
entrepreneurial ventures. By circumventing traditional sources of seed money from
institutional investors, crowdfunding has allowed the masses to fund early ventures that
would normally be disclosed to an exclusive few. Although collecting money from the
Internet is by no means a new revelation, tapping into large online communities of
amateur investors for capital has proven to be a viable way of funding projects and
established companies. Currently, there exist over 500 crowdfunding websites that, in all,
have raised billions of dollars for new ventures (Agrawal, 2011; Mollick, 2014). At the
forefront of the crowdsourcing efforts are companies like Kickstarter.com and
IndieGoGo.com. These platforms allow entrepreneurs to promote clearly specified
projects to thousands of investors with the promise of intended rewards. Many of the
most cutting edge projects in consumer electronics were crowdfunded-- including 3-D
printers, electronic watches, video game, and computer hardware (Jeffries, 2013;
Mollick, 2014). In fact, some projects rejected by venture capitalists have gone on to be
wildly successful through crowd funding, such as the Pebble Watch, which raised over
$10 million (Jeffries, 2013). The future of crowdfunding appears to be bright with
Congressional bills such as the Jumpstart Our Business Startups (JOBS) Act supporting
continued advancements in Internet crowdfunding.
Historically, institutional investors, namely venture capitalists, have dominated
early stage entrepreneurial capital sourcing. Under this system, many entrepreneurial
ventures fail to secure funding due to either a lack of sufficient resources pledged by
financial investors or because of fruitless attempts to convince investors. However, the
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advent of crowdfunding offers favorable prospects for alleviating certain constraints
placed on entrepreneurs by the venture capital model. Whereas venture capitalists consist
of a relative few number of people making a decision about a venture in secretive
manner, crowdfunding is democratic in that many smaller investors make a collective
consideration about a venture in a transparent manner. By allowing entrepreneurs to
adopt new approaches to undertaking entrepreneurial projects, crowdfunding is a
promising alternative to traditional entrepreneurial selection in that the firm, the investor
and the consumer are all engaged in early-stage business development.
Definition
There exist only limited attempts to concretely define the crowdfunding
phenomenon. The earliest attempts defined the agents of crowdsourcing by describing
firms tapping into the crowd through the Internet for various contributions (Kleeman,
2008). Schweinbacher and Larralde (2010) provided a transitional definition between
crowdsourcing and crowdfunding by defining crowdfunding as “an open call, essentially
through the Internet, for the provision of financial resources either in form of donation or
in exchange for some form of reward and/or voting rights in order to support initiatives
for specific purposes.” In response to this definition, Mollick (2013) offers a narrower
definition: “crowdfunding refers to the efforts by entrepreneurial individuals and groups
– cultural, social, and for-profit—to fund their ventures by drawing on the relatively
small contributions from a relatively large number of individuals using the internet,
without standard financial intermediaries.” Under this definition, there presently exist
four differentiated types of crowdfunding (Massolution, 2012).
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Types
The differences across the types of crowdfunding platform largely depend on
what the investor receives in return for their investment. Accordingly, there are four types
of crowdfunding platforms that currently exist: donation-based, lending-based, rewardbased and equity based.
Donation-based crowdfunding platforms typically support cause-based
campaigns that appeal to a funder’s personal beliefs and passions and place them in a
philanthropic position with no expectation of return (Massolution, 2012; Mollick, 2014).
Lending-based crowdfunding may appeal to the same type of investor who might be
more interested in providing capital to promote social good rather than a return on their
investment. This model is like micro-financing loans in that a donor provides a loan with
some expectation of return on the invested capital.
Equity-based crowdfunding is the smallest (Massolution, 2012) and most
regulated model. Most similar to traditional venture capital, investors in this model are
given equity stakes or similar consideration in return for their investment. However, due
to the nature of this funding, there exist high levels of regulation and it is not entirely
permitted worldwide. The recently passed JOBS act has opened up potential avenues to
permit more populated use of the equity-based model. By subverting the existing web of
regulations and fees, this act has the potential of turning a relatively small facet of
crowdfunding into an opportunity to fund the countless number of underfunded
entrepreneurs.
Finally, the most popular form of crowdfunding, and the subject of this analysis,
is reward-based crowdfunding. In this model, funders receive a reward for backing a
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project. The rewards can take on several shapes and are often spread out through multiple
reward tiers based on the donation amount. Depending on the nature of the project,
rewards can range from an immaterial acknowledgment to a discounted, early release of a
particular product (“preselling”) to VIP rewards that can include, meeting the founders or
customized products. The “preselling” model dominates reward-based crowdfunding
campaigns and most resembles traditional entrepreneurial ventures. In this case, the
backer is not only sponsoring and raising initial capital for the project but they are
ordering an early version of the product. Therefore, preselling brings together the
traditionally separated consumer and investor into one entity.
Novelty and Potential
The community of crowdfunding presents several interesting investigations into
the motivations of funders. Whereas, economic theory would suggest that a funder would
only back a certain project if there is a clear, tangible incentive, such as a financial
reward, crowdfunding provides a case were funders donate to a for-profit enterprise
without any expectation of return. Hemer (2011) argues that crowdfunding backers are
not primarily motivated by material rewards but are pre-dominantly motivated by
immaterial rewards and intrinsic motives. To elaborate, a supporter of a crowdfunding
venture might engage with a product in order to be part of a community with similar
priorities. They also might contribute to one project with expectation of attracting funders
in return for their own crowdfunding project. Furthermore, crowdfunding is promising in
establishing change within some inflexible industries. Steigenberger (2014) conducted a
survey on backers of Kickstarter video game projects and found that most of the
supporters of these projects viewed crowdfunding as a way to promote alternate change
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in the rigid convention of the mainstream video game industry.
Further crowdfunding inquiries relate to the different methods of selecting
entrepreneurs by investors-- mainly if traditional methods for entrepreneurial selection
uphold in a crowd dominated environments. For example, traditional funders of
entrepreneurial ventures, such as venture capitalists, do not necessarily back a venture
because of the actual idea but instead because of the quality and experience of the
entrepreneur (Mollick, 2014). Little research has been done to show if a project founder
who demonstrates experience receives the same treatment by the masses of amateur
online investors as a small group of venture capitalists treats a budding entrepreneur. This
paper will explore this further.
Investigation
Early studies have attempted to analyze the key signals for fundraising success in
crowdfunding ventures. In these studies, among the most recurring signals relate to the
funding goal and duration of the project, the demonstrated preparedness, and founder
involvement in terms of updates and social media. However, published papers on
crowdfunding success have fallen short in analyzing the affect a founder’s previous
crowdfunding activity, both in terms of previous success and engagement in the
crowdfunding community, has on the outcome of the project. Therefore, this study will
add to the empirical understanding of crowdfunding by analyzing if previous
crowdfunding experience is significant in the success of a current project. Furthermore,
this study will explore if a founder’s engagement in other projects and, thus the
demonstration of contribution towards the crowdfunding community, is influential in
current project success.
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LITERATURE REVIEW
Despite the booming success of crowdsourcing platforms, most literature only
exists via the popular press in the form of websites, blogs and anecdotal guides (Hekman,
2011). As both Mollick (2014) and Belleflame (2013) note, the field is largely
understudied with a relative absence of published peer-review academic papers exploring
crowdfunding. However, recent empirical studies have emerged to investigate the general
characteristics of the crowdfunding process. Most current research either studies the
effect of quality signals on the outcome of the project or the overall dynamics of
crowdfunding. Because the nature of this paper is to analyze the key signals of
fundraising success in crowdfunding, the subject of this section will focus on previous
empirical findings of papers with similar inquiries.
Mollick (2014) provided the first meta-analysis on factors that are indicative of
success for Kickstarter campaigns. He found that project failures happen by large dollar
amounts while successes occur by small dollar amounts. Furthermore, projects with
larger goals and longer project duration fail more often than the opposite. He concluded
that online social network size, video inclusion and updates are all predictors of success.
Beier (2014) also found that projects that include high media richness, mainly in terms of
video, in their description leverage the projects success along with high frequency and
extensive project updates. Finally, Xu (2013) analyzed how different content in project
updates affects campaign outcomes.
From a survey perspective, Hui (2012) noted that the majority of failed project
creators cited the inability to successfully leverage an online audience as a main reason
for failing. Similarly, Li and Duan (2014) studied the dynamics of investor’s backing and
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found that successful projects attained a critical mass of funding for the project during a
certain time in the project life to combat an investor’s declining backing propensity.
Heckman (2014) furthered this research and found that there is scaling law that predicts
the number of clicks on a project website required for a successful project. By studying
panel data, Kuppuswamy and Bayus (2014) analyzed the backer dynamics of Kickstarter
projects. They found that, over the project funding cycle, backers are more likely to
contribute to a project in the first and last week as compared to the middle period of the
funding cycle.
From a computer science perspective, Greenberg (2013) created a variety of
machine learning classifiers to learn the concept of a successful online crowdfunding
project that can predict with 68% accuracy if the project will be successful. Finally, An
(2013) found the most common reason for project failure is the inability of founders to
connect with a sufficient number of investors and proposed an automatic way of
matching creators and investors. Using Twitter to find investors for specific Kickstarter
projects they created a strategy that achieves, on average, 84% accuracy in predicting a
list of potential investors’ Twitter accounts for any given project.

7

THEORY
Crowdfunding presents corroboration for traditional analysis of investor behavior
while offering unique insights into non-traditional venture funding. As mentioned in the
previous section, crowdfunding research is nascent at this time. In order to analyze the
predictors of success for crowdfunding campaigns, it is crucial to establish a theory
behind why some crowdfunding campaigns succeed while others fail. Though several
studies have identified key signals of success for campaigns, this thesis primarily aims to
build off findings of Mollick (2014), Beier (2014) and VC entrepreneurial selection
papers.
Factors Associated with Success
No matter how brilliant the idea a founder has, if their Kickstarter page lacks
demonstrated preparedness and quality, then the project will suffer. Previous studies have
found that the most identifiable signals of quality and fundraising success are the
inclusion of a video and the frequency of founder updates throughout the campaign
duration. Crowdfunding literature has not yet explored the role that founder experience,
both in terms of previous crowdfunding success and support of other crowdfunding
projects, has on fundraising outcomes. This section will establish the importance of
experience using theory from venture capital selection. Finally, this section will establish
theory behind donation reciprocation in terms of project founders receiving funds based
off their demonstrated crowdfunding involvement.
Video.
According to Kickstarter (2014), “There are few things more important to a
quality Kickstarter project than video. Skipping this step will do a serious disservice to
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your project.” Mollick (2013) indicates that the inclusion of video is positively related
(p<.01) to project success. Beier (2014) furthers by evidencing the inclusion of a video is
positively related with the number of donations (p<0.01). In the proceeding model, this
study will include a binary variable that captures if a project does or does not include a
video in order to test the following hypothesis.
Hypothesis # 1. Including a video in a project will increase the probability of
success.
Updates.
Baire (2014) Mollick (2014) and Xu (2014) all included updates in the regression
of crowdfunding outcomes. Beier (2014) shows that a higher frequency of project
updates on the crowdfunding platform are positively related to the crowdfunding success
of a project. Their regression results show a positive relation between the frequency of
project updates and the number of donations (p<0.01) as well as the total success of
crowdfunding projects (p<0.01). Mollick (2014) and Xu (2014) also confirm that the
number of updates is positively related to the success of a campaign and support the
recommendation that creators should provide frequent updates. This study includes a
continuous variable that captures the number of updates a founder posts during the
project lifecycle in order to test previous theory.
Hypothesis # 2. Including extensive amounts of updates will increase the
probability of project success.
Founder Experience.
At the time of this paper, no published crowdfunding literature has studied
success outcomes with relation to founder experience. The closest theories can be
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translated from scholarly papers on expert venture capitalist selection of entrepreneurs.
Given the commonalities between venture capital funded ventures and crowdfunding
ventures, these findings are useful in predicting the success of a crowdfunding project.
Chen (2009) found that that traditional funders pay attention to signs of preparedness and
quality and demonstrating this can be linked to funding success. More relevantly, Frank
and Gruber (2008) found that venture capitalists are especially considerate of a startup
team when making investment decisions. In fact, the experience and past successes of an
entrepreneur or team is often used as a signal for future success (Burton et al., 2002).
The area in which this study adds to the current body of knowledge is the inclusion of
variables that track founder experience. The model in this paper includes two variables
that account for the past success and past failures of a founder in their Kickstarter history.
Together these variables account for the past experience of a founder and the results will
determine if past experience is a critical predictor of project outcome. Furthermore, these
variables explain if there is a difference between having a past successful project versus a
past unsuccessful project.
Hypothesis # 3. If a project founder demonstrates past crowdfunding experience
then they are more likely to be successful in their current or future crowdfunding
ventures.
Backer Motivation.
Because reward-based crowdfunding campaigns often offer a early material product
as an incentive to become a backer, high product demand drivers are incontrovertibly
important to the success of the project. However, Hemer (2011) points out extrinsic
motivation for a material product is not the most commonly cited reason for supporting a
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project. In fact, intrinsic motivators such as personal identification with a project’s
mission, satisfaction with being part of a similarly minded community, and, most relevant
to this study, the expectation of attracting funders in return for one’s own project, are
equally important (Sommeregger, 2010). Additionally, Steinberger (2014) surveyed the
motivation behind backers of crowdfunded video games and found that the most popular
reason for investing was to support innovation within the video game community.
In the context of this study, a variable that tracks the number of Kickstarter projects
supported by a founder is included in the model to account for intrinsic backer
motivation. This variable will serve as a proxy to the theory that the crowdfunding
community is motivated to fund a venture if the founder demonstrates a commitment to
the crowdfunding community and, in particular, the video game community.
Additionally, the results of this variable can lay the foundation to explore if reciprocity in
crowdfunding exists as Sommeregger (2014) suggests.
Hypothesis # 4. In the context of this study, it should be expected that if a project
founder demonstrates past commitment to donating to video game projects, then his
chances of success would increase for his current project. A founder will experience
reciprocation by being altruistic to the crowdfunding movement.
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DATA
This section will discuss the context the data used for the study. One of the
main advantages entrepreneurs today have over those of the past is the ubiquity of data.
Due to the online nature of crowdfunding, data is widely accessible to the general public
through basic data extraction methods.
For this study, data was extracted from Kickstarter.com. Kickstarter is the largest
and most dominant crowdfunding platform at the time of this writing. The amount
pledged on Kickstarter alone grew from $28m in 2010 to $320m in 2012 (Economist,
2013). As of January 2014, over $1.4 billion dollars pledged has been pledged to
Kickstarter campaigns by over 75,000 backers (Kickstarter, 2014). Therefore, this
platform will serve as a useful model in examining broad crowdfunding efforts.
Kickstarter Page Description
A quick word and visual description of the information available to a potential
backer on the Kickstarter project page is necessary to paint a picture of the variables that
affect donor activity. The following items are all that can be scraped from a Kickstarter
Page and make up the information that a backers has when making an investment
decision (Figure 4.1 and Table 4.1).
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Figure 4.1
Sample Kickstarter Project

Source: Kickstarter.com
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Table 4.1
Description of Relevant Items on a Kickstarter Project Page
Item
Project description

Description
The main section of the Kickstarter page
where the founder uses words, videos,
images and other graphics to describe the
idea they are hoping to fund

Project goal.

The amount the founder aims to raise in
order to successfully complete his project.
Kickstarter follows the “all or nothing”
model for crowdfunding-- if a project does
not meet its goal then all of the pledge
money raised is returned to the donors. The
reasoning behind this model is to
encourage project founders to set realistic
project goals and also motivate them to
seek out investors. It also reduces the risk
of a founder having to deliver products
even if a campaign is only partially backed

Project Duration

The length of the project and how many
days remaining

Backers

The number of people who pledged money
to a campaign

Reward Levels

The number of rewards tiers a campaign
offers. Kickstarter mandates that a project
have at least a $1 tier but the founder
determines the maximum amount

Creator - # projects Backed

The amount of projects the founder has
previously backed on Kickstarter

Creator - # Projects Created

The amount of projects the founder has
previously started. The past projects can be
both successful or unsuccessful

Facebook Friends.

If the founder links their Facebook profile
to the project then Kickstarter will show
the amount of friends the founder has
within their Facebook network
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Observation Period.
The exact sample used in this study includes both successful and unsuccessful
campaigns dating back from March 2013, to November 2014. This timeframe is both
long enough to include over 2,500 projects and recent enough to capture vital data on the
project founder. Geographically, the sample includes both United States and International
campaigns although they are all in English. Agrawal et al. (2011) examined the
geography and composition of investors on a music-based crowdfunding platform. This
study provided substantial evidence that crowdfunding is not restricted to typical
geographical constraints common with early-venture capital. Spatial proximity’s role is
reduced in crowdfunding. Therefore, the geographical distribution of this data should not
be an issue.
Category Selection.
Kickstarter has 15 project categories ranging from music and film to video games
and electronics. For this study the sample is limited to only campaigns within the Video
Games category. Crowdfunded video games have existed since the inception of
crowdfunding and the have continuously produced marketable games and a thriving
community. This category was selected for several reasons. Most importantly, by limiting
the data to one unique Kickstarter category, the inherent differences that exist across
projects categories can be limited. Secondly, video game production is highly technology
intensive and therefore can serve as a proxy for resembling more conventional tech startups that typical venture capitalists would back. Finally, by using this sample, the theory
behind the backer motivation established by Steingenberger (2014) can be best tested.
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METHODOLOGY
This section will describe the research method used to analyze the data. For this
study, a Probit regression was used in the statistical software, Stata. A probit regression is
a binary classification model that estimates the probability of an observation with
particular characteristics will fall into one of the two dependent variables. In this case, the
dependent variable is whether or not the campaign was successful in reaching its funding
goal.
Model
Building off the theory in the preceding section, it is vital to construct a regression
model. Past research, primarily Mollick (2014), Beier (2014) and Xu (2014), all used
regression techniques in their study on success outcomes. The model in this paper uses
variables used in previous regressions yet purposely excludes certain variables that the
above authors included. However, for the sake of completeness, additional models that
include all the variables used by both Mollick (2014) and Beier (2014) are included in the
appendix to justify the exclusion. The following model uses the variables explained in the
theory section in addition control variables explained in this section. The model will test
the hypotheses laid out above, particularly the role of experience in crowdfunding
success.
(5.1)
𝑃𝑟𝑜𝑗𝑒𝑐𝑡𝑂𝑢𝑡𝑐𝑜𝑚𝑒
=    𝛽! + 𝛽! 𝑈𝑝𝑑𝑎𝑡𝑒𝑠 +    𝛽! 𝐹𝑢𝑛𝑑𝑖𝑛𝑔𝐺𝑜𝑎𝑙
+    𝛽! 𝑉𝑖𝑑𝑒𝑜  +  𝛽! 𝐹𝑜𝑢𝑛𝑑𝑒𝑟𝑃𝑟𝑜𝑗𝑒𝑐𝑡𝑠𝐵𝑎𝑐𝑘𝑒𝑒𝑑 +    𝛽! 𝑃𝑎𝑠𝑡𝑆𝑢𝑐𝑐𝑒𝑠𝑠
+ 𝛽! 𝑃𝑎𝑠𝑡𝐹𝑎𝑖𝑙𝑢𝑟𝑒 +    𝛽! 𝐷𝑢𝑟𝑎𝑡𝑖𝑜𝑛
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Description of Variables
Table 5.1
Descriptions of Variables in Model 5.1
Variable
Description
Updates
The number of updates the founder posts
during the projects lifecycle

Range
0-98

Mean
9.5

FundingGoal The amount the founder aims in order to
successfully meet his goal

$1,000$2,000,000

$47,722

Video

A binary variable that is 0 if the project page
does not contain a video and 1 if the project
contains a video

N/A

N/A

Duration

A continuous variable greater than 0 that
tracks the length of the Kickstarter campaign

6-90 Days

33.8
Days

Founder
Projects
Backed

A continuous variable that tracks the number
of previous Kickstarter projects that the
founder has backed before

0-361
Projects

9.95
Projects

PastSuccess

A continuous variable that tracks the number
0-3 Projects
of successful Video Game Kickstarter projects
that the founder has created

.034
Projects

PastFailure

A continuous variable that tracks the number
of failed video Game Kickstarter projects that
the founder has created

.073
Projects

0-3 Projects

Controls.
The funding goal and duration variables were included because Mollick (2014)
found as the project goal and duration increase, the likelihood of project success
decreases. From a practical perspective, it makes sense that it more difficult for a
campaign to reach a higher goal since that would require either a higher amount of
donation or larger donations. On another note, it would seem logical that the longer a
founder sets the project duration, the higher probability of success would be. However, as
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Mollick (2014) again shows, the longer a project lasts past the Kickstarter recommended
30 days, the probability of success decreases.
Excluded variables.
Both Mollick (2014) and Beier (2014) included variables in their model that this
study chose to exclude. Mollick included the amount of Facebook friends a founder has.
He found that having a large network on Facebook (>150 friends) is associated with
success. This study chose to exclude this variable for several reasons. It is reasonable to
believe that a larger network is associated to more donations, however Facebook is not a
sufficient proxy for network. Specifically, the composition of a network is more
important. Agrawal (2011) and Kuppuswamy (2014) note that family and friends are the
most likely to invest early on and when the project is on the brink of success.
Additionally, it is difficult to establish a causal relationship between Facebook friends
and success. It begs the question, does a successful project become successful because
the founder has a large amount of Facebook friends or does a successful project gain
Facebook friends because it was successful?
Beier included in his model the amount of photos, videos, and words in the
description. Several doubts can be made regarding the significance of including these
variables. Beier’s model only accounts for the quantity of the medium in the campaign
and not the content. Just because a project has extensive media quantity does not
necessarily mean the content of the media is useful. It is difficult to assume that having
two non-descriptive videos increases the probability of success over one in-depth video.
The quality of the content is much more indicative as Xu (2014) suggests.
For the sake of later discussion, regressions of both Mollick and Beier
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approximated to the video game data set are included in Appendix A and B, accordingly.
Additionally, this paper included the experience variables to demonstrate that even when
the chosen excluded variables are included, the past success variable is still the strongest
predictor of fundraising success.
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RESULTS
Descriptive Statistics
Of the 2,625 video game projects in the observation period, 34.9% were
successful in reaching their fundraising goals. Aggregately, 2,331,434 backers raised
$116,189,965. The average project was 80% funded and the average amount raised was
$43,978. The average goal was $47,722 while the average number of updates and
duration in days was 9.5 and 33.8 respectively. The below histogram represents the
distribution of % funded (Figure 5.1)
In this dataset, the amount of projects founded by a founder that created a
Kickstarter project in the past was 741. Of these 741 founders, only 282 (38%) of them
had success in their most recent project. The average goal and duration of the project
was $43,423 and 34.5 days respectively, while the average number of updates was 11.1.
Of the 2,635 project founders, only 75 had a past success within the video game
category. Of these 75 founders, 51 (68%) of them had success in their current project and
only 3 did not have a video in their project description. The average number of updates
for the 75 projects was 13.56 while the average goal was $73,096.
A correlation matrix (Table 5.1) shows that there are not any strong relationships
between any of the dependent variables. The results of the Probit regression are posted in
Table 5.2.
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Table 5.1
Correlations Between Predictor Variables
Goal
Updates
Duration
Video
CPB
PS
Goal
1
Updates
0.316
1
Duration
-0.0187
0.0127
1
Video
0.06
0.1213
-0.1052
1
CPB
0.0666
0.2605
-0.0196
0.0478
1
PS
0.0274
0.0472
-0.0104
0.0198
0.1207
1
PF
-0.0589
0.0147
0.0618
0.0152
0.0093
0.0569
Note. CPB = Creator Projects Backed; PS = Past Success; PF = Past Failure

Figure 5.1 Distribution of Funding in Video Game Kickstarter Projects

Source: Kickspy.com
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PF

1

Table 5.2
Summary of Probit Regression Analysis for Variables Predicting the Success Outcomes
of Kickstarter Projects
Variable

β
SE
z
Goal
-8.18E-07*** 6.39E-08
-12.8
Updates
0.0280387*** 0.0006703 41.83
DurationinDays
0.0024519*** 0.0006619 -3.7
Video
0.0076483
0.031882
0.24
CreatorProjectsBacked 0.0008843** 0.0003534 2.5
PastSuccess
0.1334444*** 0.0325241 4.1
PastFailure
0.0301336
0.0229117 1.32
Note. R2 = 0.4017; Significance *p < .05. **p < .01. ***p < .001
Discussion
The most profound finding of this study is that founder experience matters. In
fact, having past success is the single strongest predictor of project outcome therefore
hypothesis # 3 is upheld. If a founder has had one successful video game project in the
past, then his chances of success on his current project increase by .13. Furthermore,
these experience variables are included to the approximated models of past researchers,
including variables that this paper found to be flawed in causality, and the past success
variable is still the strongest predictor of success (Appendix). In terms of the Mollick
(2014) model (Model A.2), past success is more important than Facebook network size.
In terms of the Beier (2014) model (Model B.2), past success is more important than the
quantity of words, images, and videos present on a project page.
Past failure is not significant in this model and therefore does not affect the
outcome of a Kickstarter. Founders are not being punished for failing in the past. In fact,
if founders were negatively treated for past failures, the coefficient would be negative so
that as failures increase then the probability of success decreases. In this model, the
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coefficient is positive though the significance is not high.
Hypothesis # 4 is also upheld in the regression. If a founder does demonstrate his
generosity and experience in regards to donating to past projects, the probability that his
campaign will be successful increases. In this case, one additional project backed
increases the chance of success of a current project by .00088. Therefore, this finding
supports to the claim that reciprocity exists in crowdfunding and that there do exist
external motivators beyond simple product demand in crowdfunding. A founder’s
engagement in other projects is rewarded, although, at a marginal level.
Like past studies have shown, updates, goal size and duration are all significant
predictors of success for crowdfunding campaigns. For this sample, if the goal increases
by $10,000 then the probability that the project will be successful decreases by .00818.
The importance of updates is exemplified in this sample because one additional update
increases the probability of project success by .028. Finally, this sample supports
Mollick’s finding that the longer a campaign is then the probability of success decreases.
In this case, if a one additional day decreases the probability of success by .0025.
Interestingly, the inclusion of a video is not significant in project outcome when the past
success variable is included in the model and thus the first hypothesis did not hold. Given
that the video and past success variables were not shown to be correlated in the
correlation matrix, this the lack of statistical significance indicates that one of the most
important signals of predicting success in past studies, the video, is not important if a
founder has past experience.
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CONCLUSION
This paper is novel in combining previous entrepreneurial selection theory in the
crowdfunding context. The most profound contribtion of this paper to the current body of
empirical crowdfunding knowledge is the emphasis of experience on crowdfunding
success. No previous studies predicting success outcomes included any variable
accounting for past experience. By including this factor in a regression model inspired by
previous papers, this paper found that, one, experience is important and, two, no variable
is as important in predicting success as past success is. In fact, it is more important than
including updates and videos. This finding raises an interesting point, that, though
crowdfunding offers a radical and alternative way to change seed capital for
entrepreneurs, the crowd often invests in a project similarly to the way a traditional
investor would—by evaluating the founder’s experience.
Additionally, Kickstarter founders who demonstrate that they funded previous
projects increase their chances of success on their current project. A reasonable
explanation for this is that by backing other’s projects, the founder will understand more
fluently the factors behind successful campaigns. They might also appeal to the intrinsic
motivations of backers by, for example, demonstrating their willingness to contribute and
advance the community movement of crowdfunding. Though these results are not
without their limitations, this study can be useful for crowdfunding users, crowdfunding
platforms and further academic studies.
Numerous limitations exist within this study. This study cannot control for the
actual quality of the content in a Kickstarter campaign or the specific intangible
experience that a founder acquires when their campaign is successful. Most importantly,
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a “good idea”,though subjective, will undoubtably perform better than a bad idea, all
things equal. Other research can focus on the exact type of experience that matters and
hopefully develop a framework to assess the quality of an idea. Finally, it is difficult to
control for founder engagement that takes place outside of the Kickstarter campaign.
Previous Kickstarter projects have relied extensively on communicating and marketing
through their own website, blog or email list. These marketing attempts are nearly
impossible to account for given the myriad of promotion techniques that the Internet
offers.
Furthermore, This paper is not saying that in order to succeed, a founder has to
have past experience. Obviously a new project founder does not have the advantage of
demonstrating past experience. That is not to say it is fruitless to start a project. In fact
most of the projects in Kickstarter are started by first time founders and thousands of
these projects succeed, so not having experience is by no means a major handicap.
Kickstarter and other crowdfunding sites, can use this information to reinforce the
importance of communications in updating project and engaging with backers. More
revelently, is that this research can provide rudimental reasoning for founders to back
other projects. Kickstarter can incentivize project founders to support other projects
because it increases chance of project success. This can benefit both Kickstarter and the
project founder because Kickstarter will increase the amount of total project backers
while the project founder increases their chance of success. On another note, amatuer
investors can use the information presented in this paper to assess the future success of
crowdfunding ventures. When backing a project, a potential backer can save time and
money by understanding that past experience plays a pivotal role in predicting the
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success of a campaign. Finally, academics can expand this research in the future. Beyond
broadening the categorical restraints of this paper, future studies can attempt to assess the
quality of an idea and the precise contribution that past experience brings to a campaign.
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Appendix A
Mollick (2014) Model:

(A.1)

𝑃𝑟𝑜𝑗𝑒𝑐𝑡𝑂𝑢𝑡𝑐𝑜𝑚𝑒
=    𝛽! + 𝛽! 𝐿𝑜𝑔𝐺𝑜𝑎𝑙 +    𝛽! 𝐷𝑢𝑟𝑎𝑡𝑖𝑜𝑛 +    𝛽! 𝐹𝑒𝑎𝑡𝑢𝑟𝑒𝑑  +  𝛽! 𝑉𝑖𝑑𝑒𝑜
+    𝛽! 𝑆𝑝𝑒𝑙𝑙𝑖𝑛𝑔𝐸𝑟𝑟𝑜𝑟 +    𝛽! 𝐹𝐵𝐹  𝑙𝑜𝑤𝑒𝑟  25% + 𝛽! 𝐹𝐵𝐹  25% − 50%
+    𝛽! 𝐹𝐵𝐹50% − 75% +    𝛽! 𝐹𝐵𝐹  𝑡𝑜𝑝  25% +    𝛽!" 𝑈𝑝𝑑𝑎𝑡𝑒𝑠
Table A.1
Summary of Probit Regression Analysis for Variables Predicting the Success Outcomes
Approximated to Mollick (2014) Model
Variable
β
SE
z
Goal
-8.43E-07***
6.30E-08
-13.38
Updates
0.0288453***
0.0006127 47.08
Duration
-0.0026679*** 0.0006539 -4.08
Video
-0.0055319
0.0294747 -0.19
FBFlower25
-0.1032423*** 0.0224293 -4.6
FBF25to50
-0.0670562**
0.0214596 -3.12
FBF50to75
-0.0479597*
0.02135
-2.25
FBFtop25
-0.01041
0.0208588 -0.5
Note. Significance *p < .05. **p < .01. ***p < .001. For
this regression, the Facebook friends lower than 25% is any
founder with 140 or less friends. The FBF 25% - 50% is
anyone with 141 to 293 friends. The FBF 50% - 75% is anyone
with 294 to 542. The FBF top 25% is anyone with more than
542 friends. I will approximate this model with my sample.
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Table A.2
Summary of Probit Regression Analysis for Variables Predicting the Success Outcomes
Approximated to Mollick (2014) Model, Including Experience Variables
Variable
Goal
Duration
Video
FBFlower25
FBF25to50
FBF50to75
FBFtop25
Updates
CreatorProjectsBacked
PastSuccess
PastFailure
Note. Significance *p <

β

SE
-8.46E-07*** 6.33E-08
-0.0025166*** 0.0006549
0.0086826 0.0315866
-0.1085721*** 0.0234747
-0.0631068** 0.0216629
-0.0539895 0.0215999
-0.0216302 0.0215317
0.0278194*** 0.000666
0.0008561* 0.0003535
0.1436722 0.0325404
0.0416591 0.0226348
.05. **p < .01. ***p < .001.
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z
-13.35
-3.84
0.27
-4.63
-2.91
-2.5
-1
41.77
2.42
4.42
1.84

Appendix B
Beier (2014) Model:

(B.1)

𝑃𝑟𝑜𝑗𝑒𝑐𝑡𝑂𝑢𝑡𝑐𝑜𝑚𝑒
=    𝛽! + 𝛽! 𝑉𝑖𝑑𝑒𝑜 +    𝛽! 𝑈𝑝𝑑𝑎𝑡𝑒𝑠 +    𝛽! 𝐼𝑚𝑎𝑔𝑒𝑠  +  𝛽! 𝐻𝑜𝑚𝑒𝑃𝑎𝑔𝑒
+    𝛽! 𝐹𝑎𝑐𝑒𝑏𝑜𝑜𝑘  𝐴𝑡𝑡𝑎𝑐ℎ𝑒𝑑 +    𝛽! 𝐺𝑜𝑎𝑙
Table B.1
Summary of Probit Regression Analysis for Variables Predicting the Success Outcomes
Approximated to Beier (2014) Model
Variable
β
SE
z
Videos
0.0051318** 0.0017458
2.94
Updates
0.0004337 0.0002721
1.59
Images
0.0000785 0.0000646
1.21
Homepage
0.0421393* 0.0218325
1.93
Facebook
0.0255195** 0.0074576
3.42
Goal
1.48E-08
2.29E-08
0.65
Note. Significance *p < .05. **p < .01. ***p < .001. Videos, Updates,
Goal and Images are Continuous. Homepage and Facebook are binary.

Table B.2
Summary of Probit Regression Analysis for Variables Predicting the Success Outcomes
Approximated to Beier (2014) Model, Including Experience Variables
Variable
Videos
Updates
Images
Homepage
FBdummy
Goal
PastSuccess
PastFailure
CreatorProjectsBacked
Note. Significance *p <

β

SE
z
-0.0133094** 0.0050019 -2.66
0.0282344*** 0.0007176 39.34
0.0003559 0.0003347
1.06
0.0110265 0.0253954
0.43
-0.0582696*** 0.0143798 -4.05
-8.24E-07*** 6.43E-08 -12.82
0.1459465*** 0.0326087
4.48
0.0314653 0.0223159
1.41
0.0010796** 0.0003605
2.99
.05. **p < .01. ***p < .001.
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